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Waddington’s epigenetic
landscape
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“1 In 11 adults has diabetes (425 million)”

L

“1in 2 adults with diabetes is undiagnosed

. . ”
(212 million)
IDF Diabetes Atlas, 8th edition (2017)
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8 UAJEF, N = 768

Pregnancies: Number of times pregnant

Glucose: Plasma glucose concentration a 2 hours in an oral glucose tolerance test
Blood Pressure: Diastolic blood pressure (mm HQ)

Skin Thickness: Triceps skin fold thickness (mm)

Insulin: 2-Hour serum insulin (mu U/ml)

BMI: Body mass index (weight in kg/(height in m)~2)

Diabetes Pedigree Function: Diabetes pedigree function

©® N O Uk w DN

Age: Age (years)
Outcome: Diabetes in 5 years [N = 268] or control [N = 500]

RFEMERDO 8 ABIEENS. 5 FELUNOREEEZFHITS
CDOT—H2FAWT, RYIORLSAREEZIT Ol

R

RIK=N



New T

S IEER B

o
RIMZN

y P

PIMA : YUAVBE-FD1h

b i [E] 240

Pregnancies
All
Control
Diabete

5 10 15
Pregnancies

R TREZ

SkinThickness
Al
Control
Diabete

25 50 75
SkinThickness

RIEE

05 10 15 20 25
DiabetesPedigreeFunction

DiabetesPedigreeFunction

All
Control
Diabete

RESCTEHIEEIRAIFAFTEIN.

count

count

I #EfE

804

60+

204

300 4

50 100 150 200
Glucose

04

1R

Insulin

904

304

T tin

20

40 60 80
Age

Glucose
Al
Control
Diabete

Insulin
All
Control
Diabete

Age
All
Control
Diabete

count

count

ZHEDOHEBEERZINIRTETLRN

120

mE

904

304

BloodPressure

40 80
BloodPressure

1004

754

504

254

BMI

20 40
BMI

Al
Control
Diabete
120
BMI
Al
Contral
Diabete
60

FHREE



FEABES

R

DHREELIRIVF—,

ZEEEDXTITEE R

@

RIK=N

/)N
_ local minimum

low high F#%E

A

g [{ 20

= Q

" -

8 Q
[ =
Y ;;@fg% 5— high low %%

7

Adapted from: © Ezaki, et al., (2017)
Phil. Trans. R. Soc. A. CCBY 4.0

e TYIIEIERICE DLz, HIZRIDEGAEN DN =17 )l


http://doi.org/10.1098/rsta.2016.0287
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Analogy is useful?
Mountains
Lakes and Ponds
Rivers or brooks?
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1 B¥. csv
2 B#&E.csv
3 HERR.csv
4 Lk .csv
5 &% . csv

6 [EFEmM.csv
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331,663 records
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